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Study on Page Clustering Algorithms Based on
Weighted Directed Graph
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Abstract : Clustering algorithm is an important analytical tool in data mining. Clustering analysis is generally fallen into user clustering and
page clustering in Web usage mining. P;ge clustering is an important methods for guiding for the structure of the site off — line optimiza-
tion. This paper use weighted directed graph to describe user visit and conversation records, and use clustering algorithms to realize the
page clustering by the weighted directed graph mode established. Select the real data carries on the experiment to the typical clustering al-
gorithms K ~ means algorithm, DBSCAN algorithm and COBWEB algorithm. The experiments results indicate that in the selected data
sets, the accuracy rate of COBWEB algorithm is higher than that of K — means algorithm and DBSCAN algorithm, and the time capability
is closely related to the size of user visit frequency matrix.
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