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A Page Ranking Algorithm Based on Hierarchical Structure

WANG Da-zhen!, ZHUANG Zhong', ZHANG Shuai’
(1. College of Computer Science and Technology, Hubei University of Technology, Wuhan 430068, China;
2. Information Science and Technology Institute, National Sun Yat ~ sen University, Guangzhou 510006, China)

Abstract; Link analysis algorithms have been extensively used in Web information retrieval. However, current link analysis algorithms
generally work on a flat link graph, ignoring the hierarchical structure of the Web graph. They often suffer from two problems: the spar-
sity of link graph and biased ranking of newly — emerging pages. In this paper, propose a novel ranking algorithm called hierarchical rank
as a solution to these two problems, which considers both the hierarchical structure and the link structure of the Web. Experimental re-
sults show that hierarchical ranking algorithm consistently outperforms other well ~ known ranking algorithms, including the PageRank,

BlockRank and LayerRank.
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