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One Method of Relevance Feedback Image Retrieval Based on

Multi ~ Classification SVM

QIAN Qiu-yin, ZHANG Zheng-lan.
(College of Information Engineering, Shanghai Maritime University, Shanghai 200135, China)
Abstract : Recently, the relevance feedback technique has been one of the important research facts in CBIR. Because it has greatly reduced
the gap between the high level notion and low level visual features, the retrieval results are better, because of its versatility and splendid
classified ability, SVM are introduced gradually in the image retrieval system. To further raise the retrieval efficiency, use the third — lev-
el feedback mechanism introducing fuzzy relevance, users mark the result for the related image, the fuzzy related image and the non ~ cor-
related image, and revise the inquiry vector migration algorithm, based on this utilize multi — classification SVM to propose one new rele-
vance feedback image retrieval method. Through experiments can see this is an effective method, raising the image retrieval efficiency.
Key words: image retrieval; relevance feedback; fuzzy relevance; SVM; multi — classification SVM
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