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Research on New Simple Discernibility Matrix

WANG Lei
(Center of CAD, College of Mech. Eng., Yanshan Univ., Qinhuangdao 066004 ,China)

Abstract: Simple discernibility matrix (SDM) can not calculate cores and reductions correctly when there are inconsistent objects in deci-

sion tables. The errors are in SDM and simple decision table. New simple discernibility matrix(NSDM) is presented to correct these er-

rors by inconsistent objects and consistent objects are saved respectively in new simple decision table. NSDM can get correct cores and re-
ductions from decision table with many sorts of inconsistent objects. Finally, cores and reductions are calculated based on SDM and NS-
DM by some former algorithms for cores and reductions based on discernibility matrix. NSDM can get correct cores and reductions by
comparing to results from definitions of core and reduction. These results show that NSDM is efficient and NSDM can work by former al-

gorithms based on discernibility matrix.
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