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A Text Categorization Method Based on RBF Neural Network

LIU Feng, TANG Jia, ZHONG Hong
(School of Computer Science & Technology, Anhui University, Hefei 230039, China)

Abstract: In order to organize and analyse the mass information of the XML text messages quickly and efficiently, the automatic classifica-
tion of XML, text is essential. Proposes an classification method based on RBF neural network, and uses an improved CHI statistic methods
to extract feature, improves the traditional weighted formula. The results show that the separator has a higher quality of the classification,
to improve the categorizing effectiveness and to meet the XML text categorization.
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