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Algorithm for Generating ROC Curve of Two — Classifier

Z0OU Hong-xia, QIN Feng,CHENG Ze-kai, WANG Xiao-yu
(School of Computer Science, Anhui University of Technology, Ma’ anshan 243002, China)

Abstract : The ROC curve analysis is applied more aﬂd more in the machine learning and the data mining domain, which is used to measure
classifier’s performance comprehensively. The ROC curve analysis is a two — dimensional description for classifier’ s performance. It is in-
sensitive to the class distribution and the different misclassification costs, direct ~ viewing as well as being understood and so on, these char-
acteristics make it more and more important in the distribution unknown domain and the cost sensitive learning. You must draw ROC
curve efficiently and accurately so that you could measure the performance of the classifier using the ROC curve analysis technology and its
AUC approach, and it is also the key to sensitive learning. On drawing ROC curve, there is not yet a tool on hand at present. It will elabo-
rate the algorithm of generating two — classifier’s ROC curve and the concrete process of drawing ROC curve from the theory and the ex-
periment separately in detail, and construct the algorithm using the MATLAB language based on MBNC experiment platform, then com-

pare different classifiers’ performance under different kind of distribution. By observing the resulits of the experiment, can see that the al-

gorithm generating ROC curve in this paper is accurate, feasible and reahistic.
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