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Abstract: To the intrinsical uncertainty of fault diagnosis, the limitation of traditional method of fault tree and the difficulty to construct
traditional bayesian networks are analyzed, a new method — diagnostic Bayesian networks which combines fault tree and Bayesian net-
works is proposed. It also expatiated the philosophy and algorithm to fault diagnosis strategy optimization method of fault tree and Bayesian
networks. Through the comparative analysis and the integrative consider the characteristic and simulation result of fault tree and Bayesian

networks in the diagnosis inference and the model expression. The new method could enable the superiority of them to display fully, it has

the actual application value in the fault diagnosis domain.
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P(C=1]A=0,B=0)=0
P(C=1{A=0,B=1)~1
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