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A Study on Image Segmentation Techniques

HUANG Chang-zhuan, WANG Biao, YANG Zhong
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Abstract: Image segmentation is critical to image processing and pattern recognition. All the typical approaches are presented and dis-
cussed in this paper. First reviewed the definition of image segmentation, then studied the major image segmentation approaches including
thresholding, edge — based method, region ~ based method, model — based method and artificial intelligence — based method. In this paper,

the merits and drawbacks of the methods were discussed too. In practice, these methods often combine to achieve the effect and raise the

efficiency of image segmentation, which can not be obtained by single method.
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{if (L[] = Ly[i])then
{ L, € Ly-y;break;}
else if (L[] > L,[i])then
continue;
clse break;
I
if L, & L,_, then

return true;return false;
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