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Investigation and Application of Association Rules Mining
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Abstract: Data mining is the recent extensive study of database technology. It can extract the potential and useful informations from large
amounts of data. People can use these informations to improve works and efficiency. Introduces the basic concepts, ideas, steps and some
of the current algorithms of association rules mining. Based on the improvement of the algorithm of Apriori, analyze the main risk factors

of the children’s accident injury. Mining in the analysis of the results, point the measures to prevent the suddenness. At the same time de-

scribed application of association rules mining in such investigations, development and the existing problems.
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