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A New Algorithm of Face Recognition

WANG Li-dong
(Hangzhou Normal University, Hangzhou 310012, China)

Abstract : In order to reduce the computing costs of face recognition based on SVM, a new approach based on RS — SVM(rough set theory
based attribution reduction and support vector machine) is proposed. Firstly, feature extraction based on geometric features is implement-
ed, mark 24 points on face image to compute 12 measurement distances, which are considered as facial features. In order to select the
necessary features for face recognition, use the attribution reduction in rough set theory which can effectively reduce the dimensions of

features. Secondly, SVM is adopted for classification. Finally, the experiment results show that our algorithm reduces the computing

costs of SVM with no difference in classification ability.
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