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Abstract: The traditional data or static data indicates the data from the relational database, data warehouse and transaction ‘database.. But
the stream data is a real time, quick and continuously transported dynamic data. Based on the above features of the stream data, the tech;
nologies and methods applied into the traditional data mining can not be well adapted to the stream. Use mature DBMS to store, inquire
and manage the traditional data. For the similar operation on the stream data, the specific DSMS must be developed out. Proposes a system

framework for management of the stream data and makes a comprehensive comparison in the aspects of management system and storage
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