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A Template Design Method for Cellular Neural Network Based on
Particle Swarm Optimizer Algorithm

LU Shan-ping, YU Sheng-lin
(College of Automation Engineering, Nanjing University of Aeronautics & Astronautics, Nanjing 210016, China)

Abstract: Designing the cloning template is critical to Cellular neural network for a specified task. A new method for CNN template de-
signing based on particle swarm optimizer algorithm combined with the dynamic performance of the CNN is proposed. This method can
quickly find the best value in the range which the dynamic performance of the CNN confirmed. This method compared with other opti-

mization algorithm such as genetic algorithm, the parameter setting is simpler, convergence speed is more quick. The cloning template

used in the edge detection through this method is proved to be feasible by computer simulation.
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