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A Method of Color Histogram of Image Retrieval
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Abstract: With the social and technological development, the requirements of people’s content — based image retrieval (CBIR) is higher
and higher, but the starting point of research is later, it is not very mature in technology. In this paper, the image retrieval using color,
texture, shape, color characteristics of the basic outline of the more important for the color of the main characteristics of subjects, from
the traditional cqlor histogram and later on the main area of histograms and the average area of ideas, such as histogram based analysis of
their advantages and disadvantages, a major area of image — based division histogram ways to improve performance of image retrieval.
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