W10% 38 HTENERELE Vol. 19 No.3
2009 4F 3 H COMPUTER TECHNOLOGY AN DEVELOPMENT Mar. 2009

ETFHIEREMENERMNTR

SBE,E A
(A HEME , ZH BB 244000)

H E BN ABRRMAKEGSERK AFSRERBER LGRS, $RNBRLRENHTAREN, it TE
FHBROABRUEGME, TRERRE, LRLKT LRSI R ARKARBE, AF A ENENTY R
¥, 3 H RIS T X IR RO R o
HAHR A MU I BRAM

R E 5> 28 . TP393 SCREARIAT A XERS 1673 - 629X(2009)03 - 0175 -03

Research on Network Intrusion Detection Based on Data Strea_m |

ZHU Gui-hong, WANG Gang
(Department of Computer Science, Tongling College, Tongling 244000, China)

Abstract: At present, intrusion detection system faces some problems: a large quantity of data, memory lacking, and so on. Applying a
two — stage clustering algorithm to the intrusion detection, a IDS model based on data stream is designed. The empirical results manifest
that the system can achieve a higher detection rate and a low rate of false positives, with adaptability and scalability, and effectively reduce

the demand for memory.
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