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Abstract: In text classification, it is very important to reduce the high — dimension of the feature vectors. It not only can improve the accu-
racy and efficiency of classification, but also can discover imformative feature subset. Feature selection is a valid method to reduce the di-
mention of feature vectors. Widely used feature selection algorithms have just considered the relationships between certain feature and a
class, but neglected the relationships between features, then feature redundancy exists and it has an bad impact on text classification. In

this paper, propose a feature selection method based on the minimum redundancy ~ maximum relevance framework. The experimental re-

sults show that this method is advantageous in improving the performance of text classification.
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