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A Clustering Algorithm Based on Constructive Kernel
Covering Algorithm

LI Li-fang, ZHOU Ming-zheng
(Dept. of Computer Sci. & Eng. ,Anhui University of Science and Technology , Wuhu 241000, China)

Abstract: The idea based on the constructive kernel covering study means, puts forward a constructive kernel covering clustering algo-
rithm. Firstly, it maps the awaiting sort samples of original space to a high dimensional feature space, makes the samples linear separable.
Then, in kemel space, the algorithm uses constructive covering method to construct covering domain. Every domain divides the minor

semblance samples, makes the major semblance samples converge. By defining definite semblance standard and target function, it can get

the clustering effect. Emulation experiment proved the validity and the feasibility of this algorithm.
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