18 B

HENMEREAR Vol. 18 No. 12

COMPUTER TECHNOLOGY AND DEVELOPMENT ’ Dec. ‘ 2008

#
B

1

()
R

2008 4

p—

2

5 A IS TE WD 43 25 O R FIBF 5%

% L, ERN,2 B
(ZHMAF HESREETAERTRETLEETRET, LM 408 230039)

W B KA, R A A SR~ ERILARE T SRS R P O R RS S RO E A, R AR DU
KNN SR BR T/ WA EMREN AR, XPEST¥ELNEM LAY T —HETXHERNTENIE S
HE M, IR T AR AR IR LIRS . SRR SAR R AL T AL R AR KRR B T PR AE
28, BA MK W E. A

K@ ANBE T A DL BRI

FESHES TP31 RIS :A EHRE 1673 - 629X(2008)12 - 0231 - 04

Research and Design of a Spam Filtering System
Based on Statistical Learning Theory

TANG Wei, CHENG Jia-xing,J1 Xia
(Ministry of Education Key Lab. of Intelligent
Computing & Signal Processing, Anhui University, Hefei 230039, China)

Abstract ; Classification is one of the most important research fields in data mining and machine learning. In recent years, there have been
extensive studies and rapid progresses in automatic text categorization. Proposes a SVM text categorization on the basis of statistic theory,

and designs a corresponding spam email filtering system. Compared with the naive Bayes, the validity of this system is proved. At last

some future directions of the research are given.
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