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Abstract: The AUC method can effectively appraise performance of two — classifier, but it only can appraises overall performance of classi-
fier and is insensitive to cost information. In this paper, a new method of appraising performance of two — classifier which is based on
AUC is referred. The new method is called AUCCH. With cost information, the method can identify the most optimal classifier, With no
cost information, it can identify the potential optimal classifier. Making experiment in MBNC experiment platform, through comparing
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the results between the AUC method and the AUCCH method, the results show that the new method is effective and robust.
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