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Research of IRRL Model in Image Retrieval

WANG Zhao-hui, SUN Hui-ping
(School of Computer Science & Technology, Soochow University, Suzhou 215006, China)

Abstract: Relevance feedback realized a good man — machine interaction in image retrieval, therefore it became an indispensable part of im-
age retrieval. Generally, there is only one feedback algorithm in an image retrieval system. IRRIL. model integrate query vector modifica-
tion, feature relevance estimation and Bayesian inference as actions for learning of the system, through various state choosing different ac-

tion, at last looking for different feedback algorithm strategies for different classes of images, then use the strategies to detailed retrieval.

In this paper, based the research of IRRL model, advanced some advices.
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