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A New Measuring Rule Set Consistency Method Based on Similarity

PENG Jun, XIE Rong-chuan, WANG Da-gang , GENG Bo
(Department of Computer Science and Engineering, Anhui University, Hefei 230039, China)

Abstract: The rule extraction algorithm produces the rule set by learning examples. How to evaluate the rule set? There are several evalu-
ation criteria for rule set at the present time, such as consistency, measurability and comprehensibility, but they have various disadvan-
tages. Proposes a new evaluation measurement: similarity. The evaluation measurement can measure positive similarity and negative simi-
larity between two rule sets . The experiment shows this new measurement can be used to measure consistency between rule sets and de-
cide to choose algorithm or select the elemental model of combination classification model.
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