£ 000 http://www.cqvip.com|

HENMRREAR Vol. 18 No. 10

F18% FH1oM
COMPUTER TECHNOLOGY AND DEVELOPMENT Oct. 2008

2008 4F 10 A

S B 247 oh M B FA R P B 5

7k BB ER R, AR
(1. MR F AWM ZEHRKFR, L8 45 230039;
2. ZHMKE HEBREEFTAELKTHELETRT, £ 42 230039)

#OE BRI A RBALN SR — AN A AL AR E R B, B KB BUR R SR AR
BR ANBEAPRIENBOBIEXREK LR, ATTR BB TRER, BEBEERANEZR, JESHEE-SREERK
KIS RETIRAER. BS5HREN, A ERARPITEANEE, BARPEYWAEEEART - H0EE
HEREE, HEGREENERMEZFEASEN AT, BARRNEREMONER. HTERMNBRABEENR
PREMNSHESZRAERE, BB —FHERYRARPOCBMNZHE T %, 3 XRANSRSFREA DB/ IRE
MB/NEEEX &4, BE T —HEANF SR AT B S AT F %, BNS RIS a5 8RB XM M F %,
DI R SIEAHE, SR SRS AT ENARANM BN, ZERAMALERERYFYH, BTHSLENBRAR
PRECMN IS 7 2 BB R A mE A,

R AR R BN B B
hE S %S TP311.5

TRKFRINE:A Y EHRS 1673 - 629X(2008)10 — 0013 - 03

Research on Privacy Preserving in Association Rules Mining
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Abstract ; Association rules mining in data mining reflects relations between events. With the large amounts of data collection and storage
continuously accumulated, people want to find data associations which they are interesting in, and to assist them in decision — making. With
the developments of information technology, data mining plays an active role in applications. But at the same time, it has brought some
problems of privacy preserving. Privacy preserving is currently a very important issue in the field of data mining. The object is to get vera-
cious model and analyze the results with imprecise data acess. In order to raise the level of protection of data privacy and the accuracy of
mining results, propose an effective privacy preserving method. The minimum support and confidence should be given in associations min-
ing, against this,a simple transactions handling method has been given. Can hide the associations which contain sensitive items by the way
of dealing with transactions. Theoretical analysis and experimental results show that, this method based on tansaction processing has got
good privacy, simplicity and applicability.
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z—>y(y € S),EF LM x MARRBE 2 Hy HHESF
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1.Fori: =1 to N do //N NE & FEHEFH

2. if I}l =1 then D’ =D - T/ BRI EP K
BN 1HNES

3. end for

4. New database D, //@ — N S5FEEFEDEWH
MF®E D,

5.Fori:=1to N’ do /N HEFED LEHE
FH

6.if SNT;= @ then put T; into D.//D, FHFEHAE
B0 x By FF

7.end for

8.Fori:=1to |S| do //|SI HHBMEEE KR
H¥

9. begin

10. Extract association rules like x>y,
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11. For each rule
12. If rule. ConfZminConf then

13. begin

14. NumNeeded= mod (N’ ( Supp( xy) /minConf —
Supp(x))) +1

15. K=N’ — count(x[y;)

16. end

17. end if

18. if NumNeeded > K then return ( can not hide
rule)

19. else

20. begin

21. select NumNeeded transactions from D1//Ff#],
B NumNeeded TR 5

22. for i: =1 to NumNeeded do

23. begin

24. insert x into T;

25. update the corresponding T in D’

26. end

27. end for

28. end

29. Clean database D, /& B ¥ [ FE P A IR A B 55

30. end for

31.end

32. Output the updated database D as D’
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