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Application of Association Rule in Data Mining for Tour Planning
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Abstract : Analyses the current situation in route planning, the methods which were used in route planning and the concepts and main pro-
cess about association rules are introduced, and analyze the process of association rules. And then by analyzing Apriori algorithm and its
improvement, a concept was advanced which was based on a new improvement of Apriori algorithm and tour route planning mining, com-
pared with Apriori algorithm, increased the efficiency of system, it gives out an application in tour route planning mining and acquires
good effects. Finally according to the actuality of tour website, to make full use of the information on the website, proposes a route plan-

ning mining system which based on association rules.
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TG ;D AHRMBIEES ;T IXGHTE, BT
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— MR WHE, X YV, XCIGERE/ DX IFEME
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EX 2 REERA FEES BT
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EX 3 WRWERE AP E—KIGRE, R4 BT
ABEMES i, 'R, “ EE"}

EX 4 RIEFRBL . ZMRENANESHHE
EABEE—NXS WA EAE, B— RIS —E
B—1IEE,

EXS XRE AL XEHREESD WX
BEHNsupport( X =>Y)=P(XU Y).HHFAED
B X — FH R B SR BE 9 3 3 (R MU AR /D 32
F# B (min_ sup) o

EX6 FEE:X—> Y MA{FHEHN confidence
(X=>Y)=PXI|Y). HAFECEXWAXREGE
A5 B — 5 E BB (min_ conf) .

EXT IR EIEE (Frequent Itemset) ; Xf—4~
MBFTE X, MR X MEREANTER/DZFFE, B
support(X) > min_ sup, W X B AhgiFsn EIn L,

1.1 Apriori HiZ /T 48

Apriori B ¥R 1548 7 A R BR AL B 75 53 E I 4k
REAED: ., HREAR XM ETERFERNERMIA,
FIR R IB 8 R IG5 5 ok 58 LR BI04 142
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RO .

1) L; = find_ frequent_1_itemsets(D) ;

2) for (k = 25 L1 @; k+ +) |

3) G,= aproiri_gen(L;_;,min_sup);

4) for each transaction t&€ D{ //scan D for count

5) C, = subset(G,,t); //get subsets of t that are
candidates

6) for each candidate ¢& C,

7) c.count+ +;

8) |

9) L= 1{c€C,] c. count = min. sup}

10)

11) return L = U,Ly;

procedure apriori_ gen(Ly_,: frequent (k - 1) ~
itemset; min_sup: support)

1) for each itemset |, €1, _,

2) for each itemset LE 1,

3 (LI]=LIID A A Lk-2]=kL{k=-2])
AL [k-1]1<L[k-2]) then {

4) ¢ = 1} L3 //join step: generate candidates

5) if has_ infrequent _ subset(c, L _1) then

6) delete c; // prune step: remove unfrequent cadi-
date

7) else add ¢ to Cy;

8) |

9) retum Cy;

procedure has_ infrequent _ subset ( ¢: candidate k —
itemset; L -;:frequent (k~1) —~ itemset)

// use priori knowledge

1) for each (k—1) — subset s of ¢

2) if c& L _; then

3) retun TRUE;

4) retun FALSE;

B Apriori EEFEEFRMAEN R  — B EIEER
AR ENFARAR, ESREL B, R
% 10 HEEK, & R AR E EREERK, &
MAZHE; _RERSTERBRERERE, £ -
TR P BB R B T E B9 30RO B OH UL R 40
Ko
1.2 RFKMBIZHE X

A H— 28 Apriori BRHFE BT, B A FERR M
{4k Apriori Bk —IORIZ T A, H B A F B BRIF
KPR B R R

SCH T SCER[ 8 142 H i Apriori BU#E S B 19 SRl
I BB TR AR BT R A R, K R B AR B B
XEGH. Aprioi BEBERAMATHAEES FEMLE
—FHE AR R BT X — R R TR #AT TR
TRA SR, BT ELMBEANBIEE ., RIE Apriori B
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IR TREE BB B L, MRETE C..C &
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Coo A —R BIA] LAY SE C, 45 R 2B T 4R BY S HF 51
BRI L, M R - W BT G, PRYBIETRE
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BHR— R EE (k — 1) — TERTT R AR
Kb - EN—NTE”, TLOE— MR £ - TS
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BIRE B - TUEREE , LY & = 2 Bt Hash BREUHH
BWHRREXN:
Hash(xy, x5, %3,y x,) =

Z (order( ;) (27)* ") mod( prime( *ED)) =

(order(z,) (27)* ! + order( ;) (27)* 2 + -+ + order( x;)
(27)*)mod(prime( C:ED) )

ARA, B order(z,) BIEH x, £ C, RFH &
B,r(r€ N) BREIEE, » BEE1 - TEHIE
C,1,C REAFFFERHAEEL - TENASE,
EO<E<D) BRESTHAAFEE, DO D)
RESFTHASTHABEHE, B prime(z) BEIAKTF =
BB K EL.
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g, MEEX B R RSB INE 1.8 2 iR,

A1 ##RHR

ME%RS me

1, Jb3

I, ak::3

I3 Kt

1, A

Is HK

A2 HBEREAPAMLAE

TID AP &R RN
001 I
002 I
003 I, 13,15
004 I, 0,0, Is
005 I
006 I, 1Is
007 I, 1o, 15,1
008 I, 14, Is
009 I, 1,

F ] Hash BB¥ h(xy,x;) = (order(xy) * 10 +
order( z;))mod 7 ¥ & Hash &, % 3 fik.

%3 Hashk

T H TID

I, 001 002 004 005 007

I, 002 003 004 005 006 007 008 009
I, 001 003 005 007

I, 001 002 004 008 009

Is 003 004 006 007 008

B3 3 PRI E R E.
(1) HH1-BERPETIOETKEA1- M
ERZHEEINFE 4 FiR.
A4 1-REIHAEAR
Bk XE
I, 5
I, 8
I3 4
I 5
Is 5

(2) RBRE2-WEXF2-WEL, LI RF
FH#% i W Hash RFE j W Hash KA AR TR A
ORI ZIEL, L XIFE IR S Fim.

A5 2- AL IHAEAR

Ti%
i Iy, I}
{ Iy, sl
i I, Ll
i Iy, Isl
i I, Ist
{ I, I}
{IZy 15}
{ I3, I}
{ I3, Is}
i I3, Is}

(3) RBAE 3 - MEFEITHE 3 -H&KIL. I,
L} B . FEARAERT Hash RPAHRITEH
M ERINE 6 iR,
A6 3-REIHAL
sk XIRE
i I, I, I3l 1
i1y, I, 1t 1
i 1y, I, Is} 1
{ I, I, L 0
2
0

b
3
5

VN o R WD W W W

{1, I3, Ish
{13,141

(4) B ERTRN, B & - Ry, Ly, 1y
B FETHER, AT Ly, Iy, -, Iy T Hash R AHR
FTERANEEN


http://www.cqvip.com

- 238 - HHEIERSRRE

£ 000 http://www.cqvip.com]

%18 %

BERDIFER2HELT, W3 - T,
I, Ist AR, IR 4 - TE.5 - TiEWR
BARETE, TR, SN EERATEE K
BREME, R 08 TSR, EXRFHTETER
it , RE M2 5489 Hash X,

TIfE AR BGH IR Apriori B 8, fE X R BERAE N 2
AT . FESRAMBIEE, I KB A BRER
KB AW T B RN PATRER,

2 EFRFEZBEMANNELEZSZEEIT

RE LRE, BT — AN TR BN 495k I
5% 35 48 & 4 (Association Rules based on Tour Route
Mining System, ARTRMS ), ZRLAMNZIT+ETF B/S
g8, BRI RRIERZ MRS R, mE
1 i

woEE = erLTAR ::4 SRR
o E R |
REMIBE

Bl A%KARZEHA

ARTRMSfENIRIFERARN — N FRE, KR
AR TIRERR, 4 0 M IZ IR A AR

(DXREAMZIMARZNA ETL(HHE K #,
AR B0 ) TR A TR 46 50808 P o i BRI BRI 38 s A
PRERUE , RRHT T — 28021, @ B AR 8
Apriori 3% , 3R 58 B BR AL A9 4Z 48, B2 B A9 K
BB AR,

Q)EFERAMER MR BT web HEH VIR
GH P B BT RA VIR BRI L 1B
BRMBALE, ERNATIREAAENERT , XR
P RBEBIMNIGER, BT A P RER % , L/ P
ARELPTAE SRR, X—REHT ARTRMS
AR BB o BRI R FE R 89T
WWRRHATAE RRER TR, HFRRHE
RSN —E L RE SR, A @diim
REBBNEFNGR,

W M2 KRR

3 &FRiE

ABTRBEAMSEE AR EES, HRET
T TSI S0 4 2R B4 4 e O I, TSI
Wk B ISR 1 & , a8 AR Apriori B ¥ HIBGE 89
BHSHITX RN R P SR AT ISR A e 4y
Va , RIS IE B0 B 3 A B AR, AT A
RIFHSHMEHREERORAHELEL, =ETXH
REABSEARSEXNRRER. BETREE
BRRET XIE - IEEER, XENERES
SR AN, N T EGERBEE, ATIXEIA
THEBESBSRBY LM, EhFULHE
ETREFEHITE, AT AENBEGE 88
B8, TSR B RBREL S, NiZREUE
B AE

B W

(1] BEAN. Eiereikies s R i Rt a5
A KEEH,1998(10):19-21.

[2] Agrawal R, Srikant R. Fast Algorithms for Mining
Association Rules in Large Database[ C]// Proceed-
ings of the 20th Intemnational Conference on Very
Large Data Bases. Santiago, Chile: [s. n.],1994:
487 —499.

[3] Fayyad U,Piatetsky — Shapiro G,Smyth P. From data mining
to knowledge discovery: an overview[ C]//Fayyad U. In Ad-
vances in Knowledge Discovery and Data Mining. Cham-
bridge, Mass: MIT Press,1996:1 —36.

[4] Agrawal R, Imielinski T,Swami A. Mining Association Rules
between sets of Items in Large Database[ C]//In: Proc of the
1993 ACM SIGMOD Conference. Washington D. C,USA:[s.
n.],1993:207 - 216.

(s] # B.ARE BRE XBEANSEBAR)]. MEFE
5H841,2005(6): 68-73.

(6] &G BURIZHEESGHARIM]. RIFE 2| . LK 6
W i Af#t, 2006:137 — 138.

(7] DRE. BEXBM T Aprior HEMBGH[]]. THEHLL
M 5%44,2004,21(11):82 - 84.

(8] BRUK,F %t XERIMNIZH Apriori HEHBUES LA

(] LR (L% HHEHEAR S ER),2005,15(8):155

-177.

B e ataan S S S S S S Wy Gy S SV G iy WP G AT ST S GV SIS ST S G Y

(E#%F 234 1)
TR RE SR, 2005.

(3] % F.8 B..C/0S-117 LPC2210 LB HBIFR
O] EHEREZR,2007,17(2):103 - 105.

(4] BEMK RBRE. REKFHBAHREHNHTEHR] HE
NEREZR,2006,16(10):52 - 54.

[5] A®FE. uC/0S ARM BHESHHE (M) LR tEMRE
AR K AR, 2005.

(6] BN BMARRREZROBBSERERFHNA
UL AR S £/&,2007,17(3):222 - 224.


http://www.cqvip.com

