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Abstract: Spatial clustering algorithm based on density can find the cluster of random shape,and some subsequent and integrate clustering
structure, and lack of sensitivity to noise. Expound several density based spatial clustering and some upswing method, and analyse the ad-
vantage and disadvantage of them. Then on background of GIS propose a method of combined density based spatial clustering algorithm

and GIS, which extract the attribute of the multidimensional data can expand to handle the multidimensional data, and get the good effect

from the analysis of the three dimension space.
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