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which reduction progress is more similar than attribute reduction algorithm based on attributes frequency. At first, this algorithm construct
extent.

Abstract : Reduction algorithm based on rough set theory is one of the main subjects in the field of machine learning and data mining . The
a set of attribute buckets which have the same number of attribute in the decision table. Because the items of discernable matrixes with

rough set theory is a new mathematics tool which is used to process fuzzy and indetermination problem. This theory which’s advantages

lie in not requiring prior information when carries out the classicification is to derive classification rules of conception by knowledge reduc-
tion without changing the classification capacity of the information system. Presents a reduction algorithm based on attribute buckets

different length will put in the different attribute buckets, the sort process of attribute reduction can be avoided. By particularly manipulat-
Key words: rough set; attribute buckets; discernibility matrix; attributes reduction
=]

ing the core of attributes when constructing the attribute buckets, the algorithm can simplify the process of attribute reduction to a certain
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