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An Adaptive Algorithm for Mining Fuzzy Association Rules

ZHAQ Ji-tao,MA Li, WANG Xian-jun, SHANG Guang-long
(Institute of Data and Knowledge Engineering, Henan University, Kaifeng 475001, China)

Abstract: Mining association rules is one of the important research problem in data mining, many algorithms have been proposed to find
association rules in database with binary attribute and categorical attribute. Introduce an adaptive algorithm for mining fuzzy association
rules. It overcomes the drawbacks caused by the traditional discrete interval method. The algorithm adopts an improved calculating mea-
sure of itemset. A method for automatic definition for membership function is proposed, which using fuzzy clustering from training exam-
ple. The experimental results show that the algorithm is effective and can provide important mining results to users.
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