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Abstract: Apriori algorithm, one of associated rules of mining algorithms, utilizes searching results on frequent itemsets to find associated

matrix algorithm avoids these situation but needs store substantive unfrequent itemsets and is low velocity when searching for low level fre-
room effectively on finding all most frequent itemsets.
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rules in datasets. Though the algorithm is easy to implement, it spends enormous time and becomes much more unefficient on searching in

the databases, especially when £ times frequent itemsets are created by £ — 1 ones and searching for the hfgh level frequent itemsets. Thé

quent itemsets. The matrix — equivalence genus algorithm mentioned in this paper, is proved that can reduce the complexity on time and
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