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Web Structure Mining Based on Rough Set Theory

ZHOU Yong, LIU Feng
(School of Computer Science and Technology, Anhui University, Hefei 230039, China)

Abstract: Web site is an information system composed of many Web pages, with the rapid development of the Internet, more and more
research works are come out with the Web mining. How to find the authoritative pages interrelated to the themes of users’ query is an im-
portant research aspect about the Web structure mining. As an effective mathematical tool to deal with vague and uncertain information
and having no use for any preliminary information, rough set theory has been widely applied to data mining. The conceptions of Web struc-
ture mining are introduced. Based on rough set theory, a data model of Web structure mining is defined. An implementation flow about the
Web structure mining based on rough set theory is proposed and the performance is analyzed.
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