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Survey of Biomedicine Literature — Based Discovery
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Abstract: With the rapid accumulation of biomedical literature, using text mining methods to process huge literature for discovery of novel
scientific knowledge has been the foci in data mining and artificial intelligence research fields. After Swanson put forward the literautre —
based discovery, many researchers flung themselves into this new field. This paper introduced these methods in detail, including main is-
sues, accomplishment and compared the key methods from text mining perspectively. Finally, several challenging researchiné problems are
identified.
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