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Adaptive Threshold Based on Lifting Wavelet Transform for
Image Denoising

XING Dan-jun, WANG Ji-cheng
(College of Electronics and Information Engineering, Tongji University, Shanghai 200331, China)

Abstract: Introduces basic principle of lifting scheme and presents method of construction of traditional wavelets via lifting scheme. An
adaptive threshold based on lifting wavelet transform for image denoising is studied. This method is derived in a Bayesian framework and
threshold is chosen according to different subbands and orientations. Comparing with traditional denoising methods, this method combined
with soft threshold algorithm, can improve the PSNR more effectively and also makes dencised image more clearly. Adaptive threshold
based on lifting wavelet transfom,v&hich can be computed fast with a simple implementation, has a good effect for image denoising.
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