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A New Nonlinear Algorithm for Removal of
Salt — and — Pepper Noise from Images

LU Gui-fu, WANG Yong,DOU Yi-wen
(Department of Computer Science and Engineering, Anhui University of
Technology and Science, Wuhu 241000, China)

Abstract: In order to achieve very good salt — and — pepper noise removal as well as preserving image edge details,a new nonlinear algo-
rithm is proposed in this paper. Utilizing the statistical information in a local window of the image, each pixel is classified to be signal pixel
and possible noise pixel. Then the possibel noise pixels are subdivided into edge pixels, noise pixels and signal pixels: an edge pixel is judged
according to direction information and average variance, a noise pixel is judged according to an adaptive threshold. Different filtering
schemes are employed for edge pixels and noise pixels. The simulation results show that this algorithm outperforms is better than other al-

gorithms.
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(o) BEBFHEEREER @) hEEmE AR
B3 lena BRI ELERILK
#1 REEEEENREEAERSH PSNR
Mg 0.1 02 03 04 05 06 0.7 0.8 09
XhEM 34.33 32.50 29.63 26.88 23.34 20.30 17.41 15.01 11.56
B 29.01 26.66 21.86 17.78 14.48 11.57 9.28 7.41 6.01
RABEW 34.87 30.59 24.08 19.67 15.95 12.74 10.17 8.03 6.31
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