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Research and Application about Three — Stage
Face Detection Method Based on SVM

YUAN. Fen-ping, f! Gui-shu
{College of Info. Sci. & Eng. ,Central South Univ. ,Changsha 410083, China)

Abstract; In this paper, resent a three — stage method to speed vp an SVM — based face detection system. In this proposed system, a
large number of simple non — face patterns are rojected quickly by two first stage cascaded classifiers using flexible sizes of analyzing Win-
dows while the last stage uses a non linear SVM classificr to robustly classify complex 24 * 24 pixel patterns as either faces or non — faces.
Key words: face detection; feature tracking; cascade classifier; SVM
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