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BN Structure Learning Heuristic Algorithm Based on TAN Structure

| CHENG Ze-kai
(School of Computer Science, Anhui University of Technology , Maanshan 243002, China)

Abstract : The structure learning for Bayesian netwoks is NP — hard problem, K2 is one of efficacious and accurate algorithms. K2 confirms

the order of nodes firstly. To a certain extent this limits in non — information. This paper purposes a new heuristic Bayesian networks

structure learing G algorithm. This algorithm uses TAN structure which learns as heuristic information, using K2 élgorithm learning

Bayestan netwoks structure. The experimental result shows that G algorithm can solve nodes order in non —.information. Arcs is senten-

tious, comparing TAN structure, it’ s more reasonable.
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