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Research on Semantic Annotation to Cultural Relic Images
Based on Semantic Classification

QIAO Rong-hua,ZHOU Ming-quan, GENG Guo-hua
(Institute of Visualization Technology, Northwest University, Xi’an 710127 ,China)
Abstract: Because of the “semantic gap” which is often encountered in the image data, traditional CBIR technology can’t deal with the
problem of image retrieval in digital libraries sometimes. Image annotation can counterbalance semantic loss. In this paper the research sit-
uation of the problems existed in image semantic annotation is overviewed. An image annotation method based on the semantic classifica-
tion is put forward. The algorithm classify images which are to be annotated firstly by the Bayes semantic classifier constructed, then the

semantic annotation to the images are got by establishing a statistical annotation model within those semantic classes. Experimental results
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on a large collection of cultural relic images have shown the effectiveness and robustness of proposed algorithms.
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