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An Improved Classification Rule Mining Based
on Ant Colony Algorithm
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Abstract; Parepinelli proposed AOO classification algorithm. The paper proposes an improved classification rule mining based on ant colony
~ algorithm. Thls algorithm uses new heunstlc ccnﬁputanon and phemnnne update methods. Otherwise, an adaptive mechanism and a mu-
tation strategy are applied to the algorithm for the purpose of shortening the computing time and improving the the accurate rate of predic-

tion. The experiment result shows the validity of it. |
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