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| Improvement of Association Rules Mmmg Algorithm Based
- on Hash Table
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(Dept. of Electronics and Information Engineering, Huazhong University of
| Science and Technology , Wuhan 430074, China)

Abstract; With classical Apriori algorithm, mining large itemsets is inefficient because of repeated scanning. In this paper, develop an algo-
rithm DHP with mmmved Hash table for effiment large itemset generatmn The stored address of itemsets is determined by a new Hash
| function. Basd on the new Hash table, can use para]le] rmmng to improve pruning process in association rules algorithm. From the experi-

ment results, the method m this Ppaper can save more storing space and enhance mining efficiency compared with Apriori algorithm.
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