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A Restricted Bayesian Classification Model Based on Strong Attributes

WANG Jun' 2
1.Hefei University of Technology Hefei 230009 China
2. Huainan Normal University Huainan 232001 China

Abstract Naive Bayesian classification model is a simple and effective classification model but its attribute independence assumption
makes it unable to express the dependence among attributes and affects its classification accuracy. The inter — dependence between at-
tributes is closely related to their features i.e. the features of some entail the others' dependence upon them — strong attributes. The pa-
per presents SANBC A Restricted Bayesian Classification Mmodel Based on Strong Attributes following the extension of structure of
naive Bayesian classification model through the analysis of a variant of Bayes theorem the evaluation of condition attribute with correla-
tion and the instruction of the selection of strong attributes and the attribute independence assumption that naive Bayesian classification
model can be weakened through the adding of highlighting lines between strong and weak attribute. Compared with Bayesian classification
model experimental results show SANBC has higher accuracy.
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< param name= Rate” value= 1" >
< param name= SAMILang” value>
< param name= SAMIStyle” value> m Realplayer
< param name= SAMIFileName” value> dsid CFCDAAO3 — S8BE4 — 1l¢f — BS4B —
< param name= SelectionStart” value= —1">
0020AFBBCCFA . wma . wme .
< param name=SelectionEnd” value= —1">
< param name= SendOpenStateChangeEvents” value= —1" WINS . WIY. - WINX . Wz SWVX Windows Media
> clsid 22D6F312 — BOF6 — 11D0 —
< param name= SendWarningEvents” value= —1" > 94AB — 0080C74C7E95
< param name= SendErrorEvents” value= —1">
< param name= SendKeyboardEvents” value= 0" > 4
< param name= SendMouseClickEvents” value= 0" >
< param name= SendMouseMoveEvents” value= 0" >
< param name = SendPlayStateChangeEvents” value=" —1"
>
< param name= ShowCaptioning” value= 0" >
< param name= ShowControls” value= —1">
< param name= ShowAudioControls” value= —1">
< param name=ShowDisplay” value= 0" >
<param name= ShowGotoBar” value=" 0" >
< param name= ShowPositionControls” value=* 0" > I Tanenbaum A S. M .
< param name= ShowStatusBar” value= —1"> 1998.
< param name= ShowTracker” value= 0" > 2 J
< param name= TransparentAtStart” value= 0" > 2006 16 2 35-37.
< param name= VideoBorderWidth” value= 0" > 3 ’ M. 3
< param name= VideoBorderColor” value= 0" > 2000.
< param name= VideoBorder3D" value= 0" > 4 - ASP.NET + SQL Server
< param name= Volume” value= —130"> M- 2005.
< param name= WindowlessVideo” value= 0" > 5> Siyan K. Windows2000 TCP 1P M-
2001.
rame 6 . Windows2000 + ASP + SQL Server M .
2001.
param name =" Filename” 7 . Dreamwaver Mx 2004 ~ ASP.NET
value = Datasetl. spwj” M . 2006.
o8 8 . ——SQL Server2000 M .
2004.
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