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Research of Curriculum Relevance Based on Data Mining

JIA Wen,ZANG Ming-xiang, ZHOU Hong
(Institute of Computer Science, Xidian University, Xi’an 710071, China)

Abstract; Association rule is a siniple statement about the cooccurrence probability of certain specific events in the database. Association
rule mining is the process which aims to dig the association rule hiding in the database by specific methods. AprioriTtid algorithm and asso-
ciation rule in the data mining are addressed . The examination database are employed as the data mining object. The efficiency of data
mining are raised by fully used database technique and filtering original data. The relationship among the curriculums are researched , with

conclusion satisfied.
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1 REAXEEERY

BEE R E A B3R RS fF R ER A TR
RIERCER R, LMEBEAR N T AR & N X
—RR, BB AR E R R L AIRE, X MR
Al @aFEEE UM ASEE. EFERARL
BAERB WA B AR 4 B0 BB 2 40 1
AR RS E RENXR FEAAT T VRERE
Hig®. FHEEBTHMENKIEZE TR, 2B PR
FRAIREAR AL R BB, 3 0 378 MK AL R
A, PR SR, REHDER,

KA MR BB AT ERTAZ . B
FHFEE 5 AR, 15 RSB AN IS4 i 36 0 SRR
FITT 5 B BRI & b A R RFR 2 B 7E A K A
B UESESEEARREHRE R LRE, @6 gy
ESHM SRR T H AR REENE, N, B8
HH PR, T LHERY (RRIES RE)NSHLFE R
RV Tl B AR, (T 1) 33 R AR IR D AR e 2 £
FRYTTREVER 3%, i oL T Al A FO X P T R 1
H30%, XB TSR HMREEMB(RRIES

R R 2006-03-22
EEmMT . X967 ), LB A, LRI, 8 55 07 i 4k
PR & T EHL A,

BRI RS, Dtk B(E M S BFRIT)IE
WM R IHE, EE RN TELR(E R R
BRRHIBEENLE.

2 RBEXHEXBERUVAOHEREN

LA 55 3088 FE P 928 2E LR R R TE 2 fh b iR 1R
FEHE R R BRI :

W = i, iz, il BH m MREIRREHEK
8£E5.D = {11,12, 1, HFEREGEICRIE
B HFLe IA<i<n) ¥HDPHE—FKICRHG
SHIRRYE PR X, Y RN HIHMES TRD
PR—PTE (ISR EREFN—1TEE). HE TS
LM X< T,y T,

— RPN BRI X=Y WHEERX, XB XC I,
YCLHHEXNY = QN X=Y EMGYHEEED F
B8 (support) RECRERHE XY MidEH
A FERZE, 10 support( X=>Y), !

support( X=Y) = {T: XU YC T, T€D/ /1D
!

N X=Y EREBIEE D T8 {5 (confidence)
RIFAE XMY MiERBE QS X WidRBZIL, 12k
conlidence( X=>Y), B

confidence{ X=>Y) = | { T: XU YC T, T&E D} |/
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I{T:X& T,T€ D} |

BE—TRERFHFHEE D, KB
BREEAINENEREMNKTRAACHENE
I (minsup) F1E/MNEE B (minconf) BSEBEALI . 0,
FE 1000 RFEARGILFEFRH 600 % BR(HRERHR
BT , iix 600 Zic sk XA 360 & TR i Xt
RKBFRIDBRARS, WHBN(RRIEEWE) NS E
Be(E RSB F RIS T T 5 B C=360/600
=0.6,3 3 S=360/1000=0.36,

MR SCR A BESRAMHT , M B P 1 B 2 3 4% AL 6
EHERE ; XRERSAXAMUTLELEE2ZILME
B, BRX— AR TR AR EERE, R TUE X
ZANEHE , BORBRIE R G T A BRI A S R BT
BEEHRSNTHENBIE,

X, RAESR I ENA RS —RIRTE—
AT M EBRAN . B0, 7T AR R R EERBE
e

support({ R IR F HB ) BA R F=>(H R KRBT
B RSEFE) =0.36; ‘

confidence({ FHR 1B T REL) BB E F= (I A 3 R 18
HYRSEFE) =0.6,

3 MEEBEER

4% 248 (Data Mining) 2 ¥ 4 & 4112 & 31 KDD
(Knowledge Discovery in Database) B30 , B 5 M 838 B
FPRBUBTER A KN BTN RIR AR, KB
PN R BBZEO— N EERRT T, KB TH
SEBF P AR GRE R EBRE, R RS E IR
fﬁﬁﬂ@?’l\ﬁZW MARE X R BRAR KR E R
Apriori 38, BB AR 1932 8 12 7T R 28 B DA R
A F R

(DREBSBEE D PEIEHELAFHEAR,
HER/NIRENE - MAETE L FEEFAN | B
STE;

(2) X@F 1 WEg—1HE= TR,

# support_ count(I) /support._. count(s) = minconf, M
B RBRAL s=> (1 ~ 5)"3,

BTS2 M FREERAES AR, BTN
TAEREREFESE LAFRAGE,

R1KHEFEEE D RHEH.
3.1 EENZ%

FME R AE MR AprionTid B 5, £ 18RI FHH
SR, R E A T —sima,

873 I

A FFPIEE D, B/ E M E minsup,

Hith: D FAROIRHEBE Lo

LI .

(1) €, = database D;

A1 FHEBEDRLEH

2] WE | W PERGY | BEEK | Bt ) LBk

(xh) (xm) | {(xb) | (kebh) (km)  [(kscj)| {(zymc)
0301001 | I | & | 030701 [} 4 87 | itHyLEI
0301002 | XUt | WM | 030701 2178 73 | HEHH ¢
0301003 | X% | B | 030701 %4 81 | i EHLBHE
0301001 | M40 | & | 030509 | Efxis | 92 | IHHHLESE
0301002 | XigsE | W | 030509 | Wz | 84 | FHRHLBRSE
0301003 | K3 | B | 030509 | WEiatge | 69 | iHEHLRIE
0501001 | HEEME | B | 050401 | EEILRE | 81 | BT

(2) Li={C€Cy | C.count/ | D |22 minsup}; k& =
2;

(3) while(L,-; 7 @) dobegin // HBIFfE4E B &
&R IE

(4) Ck = apriori~ gen(L,;); //%EB& L TTLTEH
ik H &

(5) C, = 0;

(6) For all T € C,- do begin

//RERETLES PRFREN t. TIDH Cx BB

I EE

(1) C, = {C € Ck | (C~ C[r]) € t.set — of -
itemsets A (C — CLk ~ 1]) € t.set - of — itemsers} ;

(8) HHES C, PHNMITARES;

(9) if(C, # @)then C; +=< 1.TID, C, >;

(10) end;

(11) Ly = {C € Ck | C.count/ | D {== minsup} ;

(12) end;

(13) Answer = UlL,;

procedure apriori — gen( L;.;)

(1) for each p € Ly

(2) for each ¢ € L,

(3) if (p.item; = g.itemy) A =+ A (p.itemy_, = q.
itemy-;) A (p.itemy_; < g.itemy_;) |

(4) ¢ = pCD q; // EEWITE

(5) il has — infrequent — itemset(c¢, Ly-;)

(6) delete c5 // BRENTTRE 5T BTN BRI R

(7) else C, = C, U ¢l

(8) 1

(9) return G,

procedure has — infrequent — itemset(¢, Ly..()

(1) for each(k - 1)subset s of ¢

(2) if s & Ly_iretum TRUE; else return FALSE

o, D FREBARE s minsup R B2 WBANTIRE,
Answer TRITA ST ETHE,

Apriori’ Tid J7 8575 B ARG AT S0 H 42 0 5 71 %00 5 48
B AR — BB E, Al THREER A m 4K, &
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TEFRBRSTEFZRICRY, REXBHBE, R
BEMEMERNE—HE, BREABESFE C, . U
BIFMTEE. VHANBEELAEARALET, B
SQL FHEEIMBAIFE B NNTRESE, EEIRF
®it T —4%& sqLiga'™,

select count( * ) from t- bk where(km = kcbhl and (xh
in(select xh from t_bk where km= kebh2 and (xh in(select
xh from t_ bk where km = kcbh3 and -+ kscj>80)) and kscj
>80)) and kscj>80);

i) kebhl, kebh2, - HARRIHRE,

PR A—YOR W ILITShRFIe AR A A
BABUBLS TRFAOBEREMFERERE. ATTAX
HIRFREFRBTHE,
3.2 BEER

FERFBIEE DA 15 000 FITRAERT , £ BRA
MAF RS 1 TR, I SQL iwA) :

select kebh, km, xkrs, count( % ) as rs,zymec ,sup from
Fr_ tmp into Fr_D where (zymc= iTEHIFEE or zyme=#,
FHIH) and (kebh = 060307 or kebh = 030509) group by
zyme

FE ML AT HE I AR D R IR FE R & Mk B IR R R 3 B
Fr-D#IBEF (K 2),

&2 Fr.D##EA
WRESS | WBAEEH | RRAK| RARE | SLeRK | XRE
(kebh) | - (km) (xkrs) | AM(rs) | (myme) | (sup)
060307 | MREEME | 1016 803 | HA#MBE | 0.79
060307 | MEEBHEHR | 451 339 MFHR | 0.75
030509 [iilapsr 1016 751 | HAHAEE | 0.74
030509 TR 451 203 HFHM | 0.45

R 1 TSR A AR 2 U 3R 3,

£3 W 1ALLAHE 2 AL

WRAR IRELSH 2 KIRAN | REIRE | TLER | XHE

(kml) (kml) | (xkrs) | A¥(rs) (zymc) (sup)
REETNE | mimxigk | 1016 651 HEHAEL 0.63
WEESWE | @R | 451 126 HTHE | 0.28
4 & it

B LM APR, EEEFRE minsup 4 0.1
HESL T, 8 AprioriTid | 31T IRBAR DT,
FEAT IR B R e e FIBGR R AR B R (& B s 12 4
R RIS REATA SRR AL IR, A RO BER T L RITiH
BE, WA/LERTURET LA R(EANREFR
THRBURFEAS BTN, RN REA T KRR
M SRR KA AT E A B Rt
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