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Study and Application of TAN Classifier for Data Mi.ning-

‘ SUN Xiao-wei, ZHAQ Da-yu, LI Xiao-yi, TANG Heng-yong
(Shenyang Normal University, Shenyang 110034, China)

Abstract: Classification is a basic and important task in data mining and pattern recognizing. In this paper, we discuss the basic concepts of
TAN classifier and the algorithm based on Bayesian learning. Join the classifier algorithm and the concrete classification algorithm into an
effective algorithm. The reasoning process of evaluaring university talented scholars system is presented, and introduce the application of

TAN classifier in data mining. The results prove that TAN classifier has petfect classification capability and higher classification accuracy.
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