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A Class of Reinforcement Learning Algorithm

Based on Heuristic Search
TANG Zhong-yong, FU Qiang, ZHUO Jia, CHEN Huan-wen
(Dept. of Computer and Communication, Changsha Univ. of Sci. and Techn. ,Changsha 410076, China)
Abstract; The reinforcement learning has been proved to be a new applicable method in control field. It can solve the problems of unknown
environment better than the others. But it isn’t a very effective method yet. Fortunately in real world, the agent often has some knowledge
of the environment, which can be used as heuristic information. The heuristic search is a very effective search method, which can search
very quickly. But it need very precise heuristic information, which may be hard to get in complex environment. The characteristics of
heuristic search and reinforcement learning are compared and a class of reinforcement learning algorithm on heuristic search is introduced.
The preliminary empirical result shows better than the previous.
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