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An Unsupervised Segmentation Framework for Texture Image Queries

YANG Li-feng, HU Mao-lin
(Lab. of Intelligent Computing and Signal Processing, Anhui University, Hefei 230039, China;
School of Mathematics and Scientific Computing, Anhui University, Hefei 230039, China)

Abstract : Texture image query is becoming an important and complex task. In this paper,a novel unsupervised segmentation for texture
image queries is presented. By applying the unsupervised texture segmentation method on each texture image, a set of texture feature pa-
rameter for texture image can be extracted automatically. Based upon these parameter, an effective multi — filter query strategy which al-
lows the user to issue texture — based image queries is developed. The test results of the proposed framework on texture image obtained

from the MT Vistex and Brodatz database are present to show its effectiveness.
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