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A New TFIDF — Based Chat Stream Keyword Extraction Algorithm

XU Xiao-xin, LI An-gui
(Department of Mathematics and Mechanics, School of Applied Science,
Beijing University of Science and Technology, Betjing 100083, China)

Abstract: By the common use of Intemmet, IM software has more and more affected people’s life. How to take advantage of chat text to

serve people and how to extract keywords from this text has attracted more and more researchers. Chat text is different from article text.

Only using TFIDF algorithm to extract keywords is not well. In this paper, a history cache is introduced to improve the performance of
" TFIDF in chat text.
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