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Research on an Improved Approach for Association Rules Mining

XU Yong, ZHOU Sen-xin
(School of Information Engineering, Anhui University of Finance & Fconomics, Bengbu 233041, China)

Abstract; Association rules mining is an important branch of research on data mining, its purpose is to find the association or correlation a-
mong items. However the common approach based on support — confidence framework has some shortcomings: Firstly, there are a great
number of redundant association patterns (including frequent items and rules), then it is difficult for user to find interesting association
rules in them; Secondly, some of these rules are uninteresting. Therefore it is necessary to prune the useless rules effectively, where it is
a valid approach to evaluate the rules via correlation. The experimental result shows that introducing correlation measuring based on com-
mon approach to association rules mining could prune the unwanted rules, reduce the scale of frequent items and rules.
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