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Abstract: Support vector machine (SVM) can be used in function regression. It is important to choose an optimal kernel in order to en-

hance the characteristics of the SVM. Since every traditional kernel has its advantages and disadvantages for the SVM, in this paper, choose
. mixtures ‘of kernels which have the desirable characteristics for SVM learning and generalization, and adopt it to function regression, then

compare with the SVM using traditional kernels. The results show that the SVM performance by using mixtures of kernels is much better

than that by using traditional kernels.
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