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BP — LVQ Neural Networks Classifiers Combination
Model Based on MATLAB

ZHONG Shu-ying, LI Tao-shen
(College of Computer, Electronics and Information, Guangxi University, Nanning 530004, China)

Abstract: By considering the error rates and the training speed of neural networks,a hierarchical classifiers which is called as BP — LVQ
neural network combination model is proposed in this paper. Combining with the capability of independency and self — adaptation of BP
neural network, this combined classifier can solve the problem that normal classifiers can’t keep learning and adapting new attack,and the

problem that how to change the impersonal class into the category user defined by competitive position of LVQ neural network. The experi-

mental results show that the tree — schema model can keep better performance than single classifier.
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