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Application Study of Data Mining Technology in Becoming
a Useful Person Factor Analysis

HUANG Jiang-tao, LIU Zi-wei
(School of Computer Science, Southwest Univ. of Sci. and Techn. , Mianyang 621002, China)

Abstract: The education circle of our country keeps probing into the educational problem of quality, and should obtain some scientific basis
in this respect probably through excavating to university’s student’s database. This paper introduces data warehouse and data mining tech-
nology at first, and then describes them used in application of becoming a useful person factor, also offers a great deal of real data for test
to find rules which have high interestedness and have been proof useful for college anlagen education, provides finally a multidimensional
data and data mining results visual platform based on MS Analysis Server.
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(1) B B4 A (star schema) , B EIBH R AL IR
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BRI 3E (SRR fact table) Fl— 28 SR /MY IR
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BB ERER, REAEREUT SHMBRE,

1.3 HiEEm ,

BESHEENKEN AEEM. FREN EHN.
BEMLAISAE S RS b B A AN B AR
H R,

AR E S W B W R IR R (R RIRERHK)
HITAHT , RBUR A K 7 AR & 7T ARt
HAEMENFE TR BEHES, EHAT 20 e
80 FEAVEHT , B BB FERT X o —/NMB A7 B R A B B9 8 4
B, R EERGE, NEMERRIVE S, X¥EF
AFEBIEESEAR A LB BT HBRE Gt
B AR ERG IR R R AHEHTE
PR RS,

2 BAERSHHECESER

FIRBNEERRE K F 2D SHFBRRT 24
ERFEBRURBSARFER . 16X L8R RBE B
FTE B R RIEE R BIE IR RS M ERE
BRESFRSFERREANRHAMERELFES,
TR BREZMAAET, 8 LT SRR e RIRR
TR i R BRI AR ET .

(1) o B 55 BB A 0 IR R e A £ 1 S iR
8,

(2) WARAE TSR FE P AR

)R ERG R BIR LT RS, TR FHARF
TEN—SREREHT BN, MERFRER -T2/
R SO fi ok (B HEAT TG s X R R A8 — M BT
bR RAE LA R A T PP MER AT R A B,

(O)FHHRAF RBIR RPN — 7 BT SR R T,
NG R T B A R T R T B fr R AR
8 -

(S)HFEATIE A E AL SR HEAT R R I R R

e ST SR G R, AU E R VAR EL, 1E8
HBIREEN T, BRI RN AR KGR GER, W
ERA BRSNS, EELES A%(E B R student
L B LR A R FR score, H 8 99 E R RIFEAE
HIMEERANES SR NS LERAMEIAF
G TR AR £ SRS Z BTFEE v, T2 4 MstRR
AR EFRS , HICTE R R Z AL — et
B, Bt #E R ERITHEERIERARNRATE
B, HEWNE 1 iR, ZRARMNEERHER
HH (DMQL)ESLIF
Define cube student [ face, gender, grade, major , nation , comefrom] :

Total _ Score = Sum( project - score) ,

Total . Score - Point = Sum(score_ point) ,

Count_ here= Count{ project _ score) ,

Averager.. Score = [ Measures ). [ Total- score ] /{ Measure ].
{Count_ here]

Define dimension face As (face)

Define dimension gender As (gender)

Define dimension grade As (grade)

Define dimension major As (major, department, kebie)
Define dimension nation As (nation)

Define dimension comefrom As (city, province, layer)

Project_id SRR PEERR
Score_belween |, Log id Stu_id

Stu_score / Stu_id Gender_id = —

Grade Nation

iﬁfﬁﬁ'ﬁé’ﬁlm’ﬂ/ J— Face -
Log_id Layer Cly -
Stu_year Province / Major o
Stu_term City

Project_id SRR TR R
Project_score Kebie Gender_id
Score_point Department Gender
Test_time Major
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